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(Big Data Characteristic)
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anwuzvavIayavuIalug (Big Data Characteristic)
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anwuzvavIayavuIalug (Big Data Characteristic)

1) Usuaaya (Volume)
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2) A214L57 (Velocity)
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anwuzvavIayavuIalug (Big Data Characteristic)

3) AuuaINuaig (Variety)

v a a v 1 v v P v
ToyadsUiuunnaInuane Joyalifilaseasi Joyanivlaseasi
MYDYANTLATIAS Y 16U VDA UNN 1B DA LazUya
alAsedse waglad Ale uardlud INNITAIGINTTH

TASIASN ooulail



anwuzvaNvaNavuIalug (Big Data Characteristic)

4) AINQNEBY (Veracity)
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anwuzvavIayavuIalug (Big Data Characteristic)

5) AtA1 (Value)
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1) Yoyanillaseas1y (Structured Data)

QU QU 1 a o’
ANy tue 18N NIFIAIAIIEN
Joyandaiulugduuuansiy PoYAgNAT Useitin1sie Tiénnw1 SaL dwsuaur
LOIUATADANT ANFULUUN PyaTyd LALILATIT T 0YA
Anuiua Lia1avitin
SWEQNA" Jo g dua NUBLAVINTAWA
C001 LAY MR Unusnil Dang@gmail.com 0873673452
C002 AN UR NN Dumn@gmail.com 0873673451




Uszianvaya § 3 Uszian

2) %’agaﬁlﬁaﬁmqa%ﬁq (Unstructured Data)
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2 #ANdnanealasauauy
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élﬁlfl,‘i/]ﬂuﬂ"uum %1 Machine
Learning tag NLP

3 #aalatuaaned
35K tweets

4 #BalenciagaxPPKRIT
376K tweets

: #CL_BEAUTRIUMxBEAUTIL...
059K tweets
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3) Gi’fmqgaﬁ\‘iiﬂsxiﬂ%"]\‘l (Semi-Structured Data)
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XML (Extensible Markup Language)

§IUUDYALUY NoSQL

<?xml version="1.0" encoding="UTF-8"?>
<customer>
<id>123</id>
<name>John Doe</name>
<email>john.doe@example.com</email>
<phone>+1234567890</phone>
<address>
<street>123 Main St</street>
<city>Anytown</city>
<state>CA</state>]
<zip>12345</zip>
<country>USA</country>
</address>

</customer=
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(Data analytics)
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Uizmwma\imﬁtﬂiwﬁ’%ﬁlga (Type of data analytics)
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Uiztﬂwmaﬁﬂﬂiatﬂiﬂzﬁ%’aya (Type of data analytics)
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1) N15LATITIRYINTTUU (Descriptive Analytics)

aaUAININ “1inagls¥u (What is happen)” A ladseAncnnlassa

¥ @ a aa & = 1 Y Y o a a
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[y Manufacturing Efficiency
Y ~ Productivity Units Lost Cost of Labor vs Revenue
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vy a 2 . o v oa 51% 62,116 -
lédoyasunarasuidusigaudnsuguiving oranw | fsema |
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Uszianuan1siasieiidaya (Type of data analytics)

2) N5ATIZHLTIIUIRY (Diagnostic Analytics)

1 2 3
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(Why is it happening)” —_—
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e Oct 08, 2021 -
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3) N15AATIEHALTINEINal (Predictive Analytics)
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1
>

<
<«

4) N152LA1ZALe LALLLZUN (Prescriptive Analytics)
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$9US4vaNaA (Collect Data)
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VUNDUN 4:
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n1elwsau (Python)
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https://www.proeramiz.com/python-prosramming/online-compiler/
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https://www.python.ore/downloads/
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https://www.python.org/downloads/
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<
<

\ 4

v aa I 1 o’
LAWIENINATUAN B DLWUTDIA
4 = o o’ @) 1 o’ o Yy o 1]
N1Y1DITYNDDNUUUNNNDNISATUIUNIY nwrosidulamiutesd inlvlinisialJly
ANBILAYNISIASIZVUIYA UDENUWS AL

Nnlraun1w R aaulaulaglusasfaddusinsy lad

https://www.proeramiz.com/r/online-compiler/

AMUIVAANBAARILUTLATUNIET R 1D LU UNIULATDIADURILADSUDIRILBILA tad

https://www.r-project.org/



https://www.programiz.com/r/online-compiler/
https://www.r-project.org/
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Power Bl
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Microsoft Excel
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Netflix

Personalized Marketing
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